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Introduction

• What is GEC?

◦ Detects and corrects grammatical errors in text
◦ Crucial for language learning and writing improvement

• Why focus on Chinese?

◦ Growing demand for high-quality Chinese writing support
tools

◦ Chinese poses unique challenges due to its writing system

• Existing annotation tools:

◦ ERRANT (English): Provides detailed annotations (Bryant
et al., 2017)

◦ ChERRANT: Adapted to Chinese but limited to basic
character-level errors (Zhang et al., 2022)

• What this study does:

◦ Refines the ChERRANT framework
◦ Introduces a linguistically-informed typology for

Chinese-specific errors for both L1 and L2 learners

2 / 12



Features of the Chinese Writing System

• No explicit word boundaries (e.g., continuous text without
spaces)

◦ Words can be 1− 2+ characters
◦ Example: 被 (bèi) can be:

• Standalone passive marker
• Part of words like 被子 (bèizi, “blanket”)

• Many homophones (e.g., 权力 vs. 权利) and visually
similar characters (e.g., 四 vs. 西)

• Implications for GEC:

◦ Tokenization errors
◦ Misidentification of grammatical roles and structures
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Previous CGEC Annotation System–ChEERRANT

• Examined:

◦ Manual vs. automated annotations
◦ L1 vs. L2 writing via automated annotations

• Validation sets of FCGEC (Xu et al., 2022) and MuCGEC
(Zhang et al., 2022)

# of sentences Different numbers of errors per sentence
Dataset Ori. Ref. 0 1 2 3 4 ≥5

FCGEC (L1) 2000 2143 899 1138 101 3 2 0
MuCGEC (L2) 1138 1153 55 214 238 176 153 317
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Previous CGEC Annotation System–ChEERRANT

• Manual vs. automated annotations

◦ Automated annotations align with manual annotations in
up to 95% of cases, with a match rate of 73% for more
complex sentences containing multiple grammatical errors

◦ Differences in word boundary may lead to different error
type definitions over different spans of text

◦ Problems of dealing with changing the order of large spans
of text like phrases and clauses

• L1 vs. L2 writing

◦ The ChERRANT analysis results are consistent with
conventional assumptions about the differences between L1
and L2 writing

◦ ChERRANT is less reliable when handling sentences with
multiple complex errors (e.g., a potential
underrepresentation of ordering errors)
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Refined Annotation for CGEC

• A new error typology that better captures both L1 and L2
grammatical errors, along with a new implementation
based on this scheme

◦ Similar pronunciation
◦ Similar shapes
◦ Multifaceted similarity
◦ The de particles–的, 地, and 得
◦ Character order
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Refined Annotation for CGEC

7 / 12



Refined Annotation for CGEC

• Stanza for segmentation and tagging
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Refined Annotation for CGEC

• Identified 12-16% more errors than ChERRANT

• Greater detail in annotating spelling and structural errors

L1 L2
Error Type Count Ratio Count Ratio

M:DE 6 0.0051 8 0.0207
R:DE 5 0.0032 14 0.0031

R:MULTI 73 0.0466 197 0.0433
R:PINYIN 21 0.0134 146 0.0321
R:SHAPE 20 0.0128 164 0.0361
R:WO 63 0.0402 148 0.0326

Total 188 0.1212 677 0.1678
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Conclusion and Future Work

• Key contributions:

◦ Introduced a refined error typology tailored to Chinese
◦ Highlighted differences in L1 and L2 errors

• Future directions:

◦ Address more context-sensitive grammatical issues in
addition to surface-level errors

◦ Improve robustness of segmentation and annotation tools
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Thank you!

11 / 12



References

Bryant, C., Felice, M., and Briscoe, T. (2017). Automatic Annotation and
Evaluation of Error Types for Grammatical Error Correction. In
Barzilay, R. and Kan, M.-Y., editors, Proceedings of the 55th Annual
Meeting of the Association for Computational Linguistics (Volume 1:
Long Papers), pages 793–805, Vancouver, Canada. Association for
Computational Linguistics.

Xu, L., Wu, J., Peng, J., Fu, J., and Cai, M. (2022). FCGEC: Fine-Grained
Corpus for Chinese Grammatical Error Correction. In Findings of the
Association for Computational Linguistics: EMNLP 2022, pages
1900–1918, Abu Dhabi, United Arab Emirates. Association for
Computational Linguistics.

Zhang, Y., Li, Z., Bao, Z., Li, J., Zhang, B., Li, C., Huang, F., and Zhang,
M. (2022). MuCGEC: a Multi-Reference Multi-Source Evaluation
Dataset for Chinese Grammatical Error Correction. In Proceedings of
the 2022 Conference of the North American Chapter of the
Association for Computational Linguistics: Human Language
Technologies, pages 3118–3130, Seattle, United States. Association for
Computational Linguistics.

12 / 12


	References
	References

